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1. Introduction
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(e.qg., 2 means 2 candidates from BWEs and 2 from seq2seqlr.

2. Approach

Green background: seq2seqlr
Blue background: pretrained BWEs

. ” . Transliteration mining with BOEs
White background: classifier architecture

seq2seqTr

» Task where BOEs are the only source of information: transliteration mining
on the NEWS 2010 En-Ru test set (Kumaran et al., 2010)

« Score of two words with the cosine similarity of the respective BOEs

* Good performance: BOEs are universal embedding property of represent-
ing English and Russian words in a shared space although they use different

 BWEs from MWEs, learned with fasttext skipgram (Bojanowski et al., 2017), and
aligned with supervised Vecmap on a high-frequency seed dictionary (Artetxe
et al. (2018)

» Character-level sequence-to-sequence model with a single-layer encoder and
a single-layer decoder

* Unsupervised: not relying on transliterations labels
* Trained on the same training dictionary as for building BWEs, but we reduce

« Combines BWEs, BOEs and additional features

the number of non-transliteration pairs with our iterative cleaning process scripts
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Our approach outperforms all previous approaches both on the joint (“All”) and
on the separate frequency sets (accQl1)

* BOEs are extracted from our seg2seqIr transliteration model
» We improved over the baselines for English-Russian BDI

final encoder representations of seq2seqlr (language agnostic encoder with
auto-encoder ability).
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